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Listing 1:

Line search, also called one-dimensional search, refers to an optimization
procedure for univariable functions.

Available algorithms

* MoreThuente
BackTracking
BackTrackingArmijo
BackTrackingWolfe
BackTrackingStrongWolfe
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Listing 2:

use line::linesearch;

let mut step = 1.0;
let count = linesearch
.with max iterations(5) // the default is 10
.with initial step(l1.5) // the default is 1.0
.with algorithm("BackTracking") // the default is MoreThuente
.find(|a: f64]
// restore position
xX.veccpy (&x_ k) ;
// update position with step along d
x.vecadd(&d k, a);
// update value and gradient
let phi a = f(x, &mut gx)?;
// update line search gradient
let dphi = gx.vecdot (d);
// update optimal step size
step = a;
// return the value and the gradient in tuple

phi a, dphi
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